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Table 1 Comparison of Circle-In-The-Square testing results
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Algorithm®  Training set size®  Training set accuracy® (%) Testing set accuracy® (%)  Training time (sec.)®

100 100 92.0 248

FTART?2 200 100 94.0 572
500 100 99.2 1431

1 000 100 99. 6 2702

100 100 49. 8 381

. 9
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500 100 98.9 2012

1 000 100 99.1 3 976

100 80.3 76.3 2224
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1 000 96. 1 95.0 22 353
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Table 2 Comparison of Tell-Two-Spirals-Apart testing results
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Field Theory Based Adaptive Resonance Neural Network Classifier
ZHOU Zhi-hua CHEN Zhao-qlan  CHEN Shi-fu

(State Key Luboratory for Novel Software Technology  Nanjing Universily  Nanjing  210093)

Abstract A field theory based adaptive resonance neural network model, FTART?Z, is proposed in this pe-

per. FTARTZ combines the advantages of the adeptive resonance theory and the field theory, and achieves fast

Ieérning, strong generality and high efficiency. Moreovers FTART2 can adaptively adjust its netwoerk topology

s0 ihat the disadvantage of manually configuring hidden neurons of traditional feed-forward networks is aveided

Benchmark tests show that FTART2 achieves higher accuracy and faster speed than standard BP.

Key words Neural network . machine learning, competitive learning, classification, adaptive resonance theory,
field theory.
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