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Concept Partition Based on Cloud and Its Application to Mining Association Rules”
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U Network Management Center, China Electronic System Engineering Company, Beijing 100840, China);
YInstitute of China Eletronic System Engineering Company, Beijing 100036, China)

E mail; yidu@sina. com

Abstract Converting guantitative attributes into Boolean attributes is the general way for mining quantitative
association rules. So how to reasonably partition domain values is very important. Traditional method can not get
the easy to understand knowledge hecause it can not reflect the actual data distribution or the partition is too
sharp. In this paper, a new method—— ¢loud transform, which uses many concepts represented by cloud model to
fit the real distribution of data— is introduced. This method can reflect the distribution of data in that domain
while keeping the soft boundaries. Therefore, the discovered association rules are also easy to understand.

Key words: association rule; cloud model; cloud transform
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