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Fig.12 Process of filtering error tags by generative adversarial networks
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Table 4 Deep learning entity relationship extraction usedin biomedicine field
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Table 5 Different models of data sets and their evaluation criteria
F 5 AR P B A B JL DI o
KRAMPIT | )P 5 Model et 4k PR bR RIS RFEEN | RESW
MV-RNN(POS,
1 WordNet,NER)! SemEval-2010 Task 8 F1 82.4 2012 EMNLP
2 RNNT SemEval-2010 Task 8 F1 79.4 2013 ACL
3 Convolutional DNNP” SemEval-2010 Task 8 F1 82.7 2014 | COLING
4 SDT-LSTM™! SemEval-2010 Task 8 F1 83.7 2015 EMNLP
5 CR-CNNPY SemEval-2010 Task 8 F1 84.1 2015 ACL
325 ke 4k
AL 6 \ote-BIDIRECT!? ACEO5 F1 84.1 2015 Csomputer
clence
Dependency paths from ) Computer
7 the object to subject!” SemEval-2010 Task 8 F1 85.4 2015 Science
8 ER-CNN + R-RNNF SemEval-2010 Task 8 F1 84.9 2016 | NAACL
9 | Multi-Level attention CNNs™ | SemEval-2010Task 8 F1 88.0 2016 ACL
10 Bi-LSTM-RNNF” SemEval-2010Task 8 F1 83.1 2016 ACL
11 | Bi-LSTM+Bi-TreeLSTM™ ACEO05 F1 55.6 2016 ACL
541 o 54.98(1S_ABOUT)
12 LSTM MPQA 2.0 i k% F1 58.22(1S_ FROM) 2016 ACL
IR Bi-LSTM+ BioNLP-ST 2016 K]
13 Bi-TreoL STMISY BB (14 Hlisi F1 28.5 2017 PAKDD
14 Bi-LSTM+Attention™ ACE 2005 F1 55.9 2017 ACL
15 Novel tagging schemeP”! NYT F1 52.0 2017 ACL
16 PCNNs+MILE") NYT-FB Precision 86.0 2015 | EMNLP
(Top100)
[38] . Precision
17 APCNNs NYT-FB (Top100) 87.0 2016 ACL
138] . Precision
18 APCNNs+D! NYT-FB (Top100) 87.0 2017 AAAI
[72] : Precision
19 DMN NYT-FB (Top100) 89.0 2017 1JCAI
s st [73] : Precision
e i s 20 APCNN+soft_label NYT-FB (Top100) 84.0 2017 ACL
. [74] . Precision
21 JointD+KATT NYT-FB (Top100) 80.6 2018 AAAI
22 CNN+RLI™! NYT-FB F1 42.0 2018 AAAI
[76] . Precision
23 MIMLCNN NYT-FB (Top100) 69.0 2016 | COLING
24 RNN-AdvFH NYT-FB F1 38.2 2017 ACL
25 ResCNN-917) NYT-FB Precision 88.0 2017 | AcCL
(Top50)
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Table 6 Dataset description and download link
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ezt Bl QU A
NYT 53 FOC A Jit 695 059 A HUR (i IR https://github.com/shanzhenren/CoType
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