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Fig.11 The process of general union
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3% 5. Base Min_Core Union.

BN CHEEY RS TR u R E R IA AR R I 22 2 28 Cy, LA Neighbor[u];

MR
Map(u,Cy)
Vmin<—V|ve Cyav.isCoreisTrue
while veNeighbor[u] do

if v.isCoreisTrue then

Emit(v,vminypairs
Emit(Vpin,Cuypairs
Reduce(u,{C;....C.})
C«Merge(C;....C,)
. Emit(u,C)
Bk 4 YL 5 ) Merge(Cy... Co) R HIUR A 3 1T LA I 1 BN R 3 38 28 R 5, A 3 E 2 — AN & i 919
PRAE ARG 0 B LA m T FOAZ 0 R R K TG A1 5092 5 b Neighbor [l 4L 38 7R u 1 T Ik 4R J =49 s 5 9T iR 4K
(1t B A i LA 6.

© ® N o U AN R

>



638 Journal of Software #c#F%4% Vol.29, No.3, March 2018

& 3£ 6. Merge SubCluster.
By N e PR S IR TR u B L e T IR AT (R W1 94 2R 8 Cy, 401 Neighbor[u];
I C.

1. Merge(C;....C,)
2 for i=0—n do
3 for cin C;
4, if C contains ¢ do
5 continue
6 else
7 C.add(c)
8. returnC
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Fig.12 Base min_coremerge subclusters
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Table 1 Experimental data set and its vertex number and edge number
F 1 SER YN AR M LT BRI L

DataSet Number of nodes Number of edges
Skitter 1696 415 11 095 298
Pokec 1 632 000 22301 000

LiveJournal 3997 962 34 681 189

Com-Orkut 3072 441 117 185 083
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Fig.13 Efficiency comparison varying number of reduce
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