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Personal Group Recommendation via Textual and Social Information

WANG Zhong-Qing, LI Shou-Shan, ZHOU Guo-Dong

(Natural Language Processing Laboratory, School of Computer Science and Technology, Soochow University, Suzhou 215006, China)

Abstract: Personal group information on social media is useful for understanding social structures. Existing studies mainly focus on
detecting personal groups using explicit social information between users, but few pay attention on using implicit social information and
textual information. In this paper, a latent factor graph model (LFGM) is proposed to recommend personal groups for each person with
both explicit and implicit information from textual content and social context. Especially, while explicit textual and social contents can be
easily extracted from user generated content and personal friendship information, a matrix factorization approach is applied to generate
both implicit textual and social information. Evaluation on a large-scale dataset validates the effectiveness of the proposed approach.

Key words: group recommendation; social network; implicit information; matrix factorization; factor graph model
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Table 2  Distribution of the edges on our data set
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Table 3 Contribution with different factors

3
F1
MaxEnt-CS 0.619
FGM-Content 0.654
FGM-ExpSocial 0.667
FGM-ImpSocial 0.672
LFGM 0.679
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