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Abstract: In this paper, a method for face description and recognition is proposed, which extracts the histogram
sequence of local Gabor binary patterns (HSLGBP) from the magnitudes of Gabor coefficients. Since Gabor feature
is robust to illumination and expression variations and has been successfully used in face recognition area. First, the
proposed method decomposes the normalized face image by convolving the face image with multi-scale and
multi-orientation Gabor filters to extract their corresponding Gabor magnitude maps (GMMs). Then, the local
binary patterns (LBP) operates on each GMM to extract the local neighbor pattern. Finally, the input face image is
described by the histogram sequence extracted from all these region patterns. The proposed method is robust to
illumination, expression and misalignment by combing the Gabor transform, LBP and spatial histogram. In addition,
this face modeling method does not need the training set for statistic learning, thus it avoids the generalizability
problem. Moreover, how to combine the statistic method in the stage of classification and propose statistic Fisher
weight HSLGBP matching method are discussed. The results compared with the published results on FERET face
database of changing illumination, expression and aging verify the validity of the proposed method.
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Tablel Therank-1 recognition rates of different algorithms for the FERET probe sets

1 FERET
Method fb fc Dup.| Dup.l|
Fisherfaces 0.94 0.73 055 0.31
GFC 0.95 0.84 0.67 0.61
Best results of FERET’ 9712 0.96 0.82 0.59 0.52
Best results of Ref.[11] 0.97 0.79 0.66 0.64
HSLGBP 0.94 0.97 0.68 0.53
Weighted HSL GBP 0.98 0.97 0.74 0.71
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