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Table 1 The conversion from the nser access transactions to the user sequence access transactions

1 OMAPENESHFFRPUFES S R R

User secuence access transactions®

User access transactions™

N .lfSequence ser® 2-Sequence set 3-Sequence set 4-Sequence set
o Ay Azi Ay A1AzAs Auds Agds ALALA,
AsoAz A, A A Ars Ay Ay AyAz . Ap Az, Asds ArAzds, Az 4345 AyArA44s
Asa Ay A, AovAs Ag Az Az A As ANy A
Aysds, Ay Ay Ay Ayl Ay AzAsAd;

SRR BEETROEEY
PR P 7 R 5 35 P A U e B e R S R AN R

HiE. GUSATG /% Generating User Sequence Access Transaction Grammars * /
WA=t
Begin :

bi=1;

Ser={t1se-atuls JE R ){JK&?‘JIQE{]H&?“E@%% */

While £<m
For each s € 5%

£ =position{(£,5); S ERrhRBHB s PNE «/

I (p+E+1)50m then
s,tmerge(s,t,,.,_,;ﬂ); / * %t,,-“lfﬁﬁ'liﬂﬂgﬁﬂ 5 E"J.[%g'ﬁ */
Sl =81 {515

End 1f;
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End For:
E.=h+1;
Fnd While;
End.
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Table 2 The l-sequence association rule

w2 - ET CHR AL

(" -Sequence) 1o (1 "‘»cqucncc) ', support‘ =10, confidence™ —25/

h {/eje/cjcew. hrml. /cje/cice. htmls fojefintroc. html /LJ(,—LJ(WZ htm])*("u(/[cntn html. /(]{ ab\t( htm]}
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ARIEBATI Iy ok AT 3 4R BRI B i R BB 2 28 I 3.

Table 3 Some discovered scyuence association rules
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The sequence association rule’™, support™ 35, confidence™ 1910 Cenfidence( %)
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Jeje/eicew. html/eje fejee. html /eje/introe. himlt/eje/ciew?. Miml— /cje/absie. himl/eje/cente. himl 2
Jeie/eicew, hrml/ejefejee, html /eje /eiew?2, himl/eje/intrae. himl— /eje /absie. aml/cic/eente. himl 1

(UEFI BN &SRR CDaIR .
B85 Cooley [ J7 g # 16 FRATH J7 B0 22 B LIV 45t T S8 47 M) A R

(2) BEfF R M5 AT G B o] LU AT Mo Xt By 2 DAY 771 R BE LI &5 T AR # L L.

FHADHL D ES A PEDBEE WL H iR s 50 S BinE PG
POss ) BEED AL B AREE PGB, W7 7 27 S S 4/h. B PGH2EIREE R
BE. A5 B EE AT AR T 0 R BT AL, R4 R O F 23R HM . 55 22030 I AT F 585 3
SELIN 5 FH RO REE AT ERNEEEMT 8 EE S E. G /ce/cicew. html/cje/
absc. hrml/cje/abste, huml H /eje/ejeew. huml /eje /otherse, hunl /eje /Ay, ol TA B HEE & AP
T 71 B4 s 45

© HIERRESSAHIIFTR  http:/ www. jos. org. cn



1508 Jowrnal of Software ¥ ALFIH  2001,12(10)

Table 4 The associations between different sequences
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2 /e /cjoow. btml—/cje fabsc, htm 2 047 312 281 13. % 0.3266 042 5 0.015 4700
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3 feic/ejecw. html— fvje fotherse. hemi 2047 407 309 15 0.583 238 0.013 204
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Abstract ; In web mining, applying association rule discovery can discover the association between different
web pages accessed by users. Because there is the rich structure information in the website and the acress of the
users conforms to some Kinds of sequences, a new approach is presented in this paper to discaver the association
between the access sequences, which is the scquence essociation rule discovery. In this approach, first the Log is
mined in the web server to get the user access transactions, and then according to the regular grammar, a new user
access Transaction grammar is defined in order to get the user sequence access transactions fram the user access
transactions. Subsequently, the association rule discovery algorithm is employed to discover the sequence associa-
tion rules. 'I'c evaluate these rules. the mutual information is praposed. The result of this approaeh can help the
designer of the website 1o undersiand the user access patterns better, and according 1o this result, the designer can
adjust the struciure of the web site.

Key words: web mining; grannnar; sequence association rule

* Received March 6, 2000, accepted May 30, 2000
Supported by the National (Grand Foundsmentz]l Research 873 Program of China under Grang No, G1998030405; 1he Naticnal
High Technology Development 863 Program of China under Grant No. 863-306-JD06-03-4

© HEFRES AT http:/ www. jos. org. cn



