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Abstract In order to avoid the disadvantage of BP algorithm, which is to trap into the
local minimum, this paper provides Hybrid Algorithm consisted of BP with new combina-
tion activation function and statistics; then this new algorithm is applied to weather fore-
cast and loan and the results are compared with Hybrid Algorithm based on backpropaga-
tion¢standard and momentum—term) and statistics. Simulation results show that the ac-
curacy and learning rate of prediction are both satisfactory. This program is written in
TURBO—PASCAL 6.0 and run on IBM PC/386 and 486.

Key words ANN (artificial neural networks), OCATF (optimal combination activation

function) , MNN (madaline neural networks), weather forecasting.
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