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Abstract: Privacy preservation is one of the most important topics in data mining. The purpose is to discover
accurate patterns without precise access to the original data. In order to improve the privacy preservation and
mining accuracy, an effective method for privacy preserving association rule mining is presented in this paper. First,
a new data preprocessing approach, Randomized Response with Partial Hiding (RRPH) is proposed. In this
approach, the two privacy preserving strategies, data perturbation and query restriction, are combined to transform
and hide the original data. Then, a privacy preserving association rule mining algorithm based on RRPH is
presented. As shown in the theoretical analysis and the experimental results, privacy preserving association rule
mining based on RRPH can achieve significant improvements in terms of privacy, accuracy, efficiency, and
applicability.
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2)  Li={{i}liel, ((i.count/N)-p,)/ps>s};
3)  for (k=2;Ly_1#D;k++) {

4) C=aproiri_gen (Ly_1); // k Cx

5) for each transaction teD’ {

6) for (j=1; j<k; j++) {

7 Cij=partial_subset (Cy,t,j); // t j k

8) for each candidate ce C;

9) c.countj++;

10) }

11) }

12) for each candidate ce Cy {

13) c.count= g, , - c.count, + g, , - c.count; +...+ a, , - c.count, ;

14) L={{c}|ceCy, c.count/N>s};
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