1000-9825/2003/14(12)2014 ©2003 Journal of Software %% 1 % R Vol.14, No.12

EFHREBINESIEFIRANBIAGE

PR, K

(HEKZE FRHEARL REEFKE SRR =L 100084)

Continuous Speech Recognition and Verification Based on a Combination Score

Yan Bin-Feng’, Zhu Xiao-Yan

(State Key Laboratory of Intelligent Technology and Systems, Tsinghua University, Beijing 100084, China)
+ Corresponding author: Phn: 86-10-62779193, E-mail: ybf99@mails.tsinghua.edu.cn
http://www lits.tsinghua.edu.cn/

Received 2002-12-14; Accepted 2003-04-01

Yan BF, Zhu XY. Continuous speech recognition and verification based on a combination score. Journal of
Software, 2003,14(12):2014~2020.
http://www.jos.org.cn/1000-9825/14/2014.htm

Abstract: In this paper, a speech recognition and verification method is presented based on the integration of
likelihood and likelihood ratio. Speech recognition and verification is unified in one-phase framework. In the
process of decoding, likelihood ratio is combined with likelihood to get the combination score for searching the
final results. Experimental results show that the false-alarm rate is significantly reduced, with only a slight loss in
the accuracy rate.
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1 2 wp=0 I IBCG 43 20 TROR AR A T VA 2 T3 2 YR 0 g k.
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Wy 0 0.2 0.4 0.6 0.8 1
Detection rate (%) 97.187 96.246 95.981 91.625 87.652 82.311
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Fig.2 Verification performance comparison of combination score method with traditional recognition method
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