1000-9825/2003/14(04)0857 ©2003 Journal of Software %% 1 % R Vol.14, No.4

ETHBERENMERTHHES SR

# oW, THE

(H BB BAR RS ATR HBRHEE AR = W Kb 410073)

Extraction and Analysis of Story Unit Based on Clustering of Hyper-Graph

FAN Yun’, WANG Run-Sheng

(ATR National Defense Technology Key Laboratory, National University of Defence Technology, Changsha 410073, China)
+ Corresponding author: Phn: 86-10-66748997, E-mail: fanyun_cn@yahoo.com
http://www.nudt.edu.cn

Received 2001-09-10; Accepted 2001-10-18

Fan Y, Wang RS. Extraction and analysis of story unit based on clustering of hyper-graph. Journal of
Software, 2003,14(4):857~863.

Abstract: It is the important precondition for browsing, retrieval and indexing videos that effectively and
rationally organizing the video structure. In this paper, for hierarchically organizing the video structure, a method
for extracting story units is proposed. k-nearest neighbor hyper-graph is used to represent the content relations
among shots, and shots are clustered based on hyper-graph model. By analyzing time projection relations among
shot clusters, story units are extracted, and represented by the 1D strings. A frame using specific domain knowledge
for identifying the type of story unit is also proposed, and is applied to identify the dialogs in the videos. The new
algorithm is applied to multiple test videos, and the experiments results are satisfying.
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Table 1 Statistical results of detection of story units
R PSRN M ST A RER

Total frame  Number of the actual ~ Number of detected Number of the Number of the missed

Sequence name

number story units story units false story units story units
Fiy H IE A% 63 582 14 15 3 2
[l o 56K M 67517 17 17 2 2
VAL Ay 62251 11 12 2 1

Table 2 Statistical results of detection of dialogs
F2 ARG SRR

Number of the actual Number of the detected Number of the false Number of the missed

Sequence name

dialog scenes dialog scenes dialog scenes dialog scenes
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