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The Hybrid Learning Algorithin Which is Based on em Algorithm
and can Globally Converge with Probability 1

WANG Shi-tong

(Deparment of Computer Science EagChina Shiphuilding Instituze  Zhenjflang 212003}

Abstract In this paper, the drewback is pointed cut that the learning algorithm em of random neural network
somctimes converges to local minimum. A new hybrid learning algorithm HRem, which combines algorithm em and
the random optimization algorithtn presented by Dr. Sclis and Wets, is presented for 3-layer random perception. Itis
theoretically proved that algorithm HRem can globally converge to the minimum of Kullback-Leibler difference mes-
sure, This theoretical result has important significances for further research on algorithm em.

Key words Random neural networks, em learning slgorithm, random optimization algorithm.
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