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THE N—R METHOD OF ACQUIRING KNOWLEDGE
AUTOMATICALLY AND INTERACTIVELY
BASED ON NEURAL NETWORK

Li Y1
(Department of Computer Science Xi'an Jiaotong University Xi'an 710045)

Shi Hongbao

{Department of Computer Science Shkanghai Raitway University Shanghat 200333)

Abstract This paper presents a N—R method of acquiring multi—level reasoning pro-
duction rules automatically based on NN(neural network) , so as to resolve the bottle neck
problem in building a knowledge — based system—knowledge acquisition. This method
adopts a characteristic NN structure model and corresponding learning algorithm, so that
N —R method can fix the number of hidden nodes dynamically and form new concepts
which are not defined in the sample set in the course of learning. Having been trained, NN
is transformed intc an RN (reasoning network) with the proposed transform algorithm,
from which productionrules can be obtained easily. '

Key words Knowledge acquisition, machine learning, neural network, production sys-

tem, inference,
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