23 ISSN 1000-9825, CODEN RUXUEW E-mail: jos@iscas.ac.cn

Journal of Software,2016,27(8):2147-2167 [doi: 10.13328/j.cnki.jos.005103] http://www.jos.org.cn
O [ b I8 ARAH T ST RS A Tel: +86-10-62562563

AT BT R gk
F & B EEW

BB AR K wH N B, AE st 100191)
BIE#E: P AR, E-mail: luole@buaa.edu.cn

H OE EREENRITHREE T HBE LB EMEEE R A NEZMRENEZFNA NS E LA
KB NABATHAR AT RV £ R % VO 34k, B AR KR 5 T i8S 5B AL IL 6 A B BT L@ 6 — R 51 A
TR R G VLB R ST A AT B RE SR L AT T 9 R 0 ANB T B RB AR R G RE, B
TR BB B3R 3 A A3 S 6 SR 5 ) AT T AT 38 A AR B B A L ) B B %t R A3 S 8 I G Bk,
FAHT, It Bt L AT R BT .

KEIR: AT AT ARS WA XA B A RS A

hEESZES: TP316

s RS B AR KRR B A T N A T BRI T SRR AT 22 41),2016,27(8):2147-2167. http:/www.jos.org.cn/1000-9825/
5103.htm

Y 5| #%30: Luo L, Liu Y, Qian DP. Survey on in-memory computing technology. Ruan Jian Xue Bao/Journal of Software,
2016,27(8):2147-2167 (in Chinese). http://www.jos.org.cn/1000-9825/5103.htm

Survey on In-Memory Computing Technology
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Abstract: In the era of big data, systems need to process massive data efficiently to meet performance requirements of applications.
In-memory computing technology can improve performance of massive data processing significantly by utilizing memory and avoid 1/O
operations. However, the technology faces a series of challenges that need to be solved. This paper analyzes characteristics of in-memory
computing technology, lays out its classification, and introduces principles, related works and hot topics of every category. In addition,
several typical applications of in-memory technology are introduced. Finally, challenges and opportunities for in-memory computing are
elaborated.
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