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AN ALGORITHM FOR META-KNOWLEDGE LEARNING
MKL AND ITS APPLICATION

Pan Jingui Chen Bin Chen Jing Chen Shifu

(Department of Computer Science, Nanjing University, Nanjing 210093}

Abstract MKL, an algorithm for meta-knowledge learning, is presented in NDKAS,
which is a knowledge acquisition system. On the basis of classification and abstraction, it
can induces meta-knowledge which is used to effectively organize rules in knbwledge base
in binary —tree structure, which satisfies the essential properties of meta-knowledge. The
structural representation of meta-knowledge, the algorithm description of MKL and the
proof of satisfaction of the essential properties are given in the paper. An example of MKL
application is also described.
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