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Random Increased Hybrid Learning Machine Oriented Human Body Movement Identification

CHANG Zheng, BAN Xiao-Juan, MA Bo-Yuan, XING Yi-Ming

(School of Computer and Communication Engineering, University of Science and Technology Beijing, Beijing 100086, China)

Abstract: Focusing on the problem of human movementidentification in the application of natural human-computer interaction, this
paper summarizes the shortcomings of the traditional machine learning model in the identification of body movement.Based on the unique
requirements of natural human-computer interaction application, it proposesRandom Increased Hybrid Learning Machine for human body
movement identification. Combined with the Error Back Propagation Model, the Increased Extreme Learning Machine and Bidirectional
Extreme Learning Machine, the model overcomes the shortcomings of traditional methods. This paper describes in detailthe algorithm
theory, model rationality and implementation scheme of the Random Increased Hybrid Learning Machine. Finally, by comparing the
experimental results, the paper verifies the Random Increased Hybrid Learning Machine’s a better robustness, accuracy and timeliness in
identification of human body movement.
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Fig.1 Random increased hybrid learning machine training process
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Fig.9 Slow traffic signal identification image Fig.10 Side stop traffic signal identification image
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